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What is Generative Al?

Most people are familiar with Generative Al (or GenAl) in
the form of ChatGPT or other Al chatbots.

Put simply, GenAl are machine learning models that can
generate text, images, video, or other content from
end-user queries based on data they've been trained on.

Who are the playersin the space?

@Open,m For the sake of today's discussion we will be covering
Azure OpenAl and AWS Textract Custom Queries in
our demonstrations.

Both Cloud tools have no user interface (Ul) to
process documents in batch
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So, how do we

IDP mimics the.data processing employee

consume these CIOUd to recognize, scan, and categorize
documents.
se I'VlCeS? Relevant information is extracted using

cognitive Al technologies like Large

) Language Models (LLMs) and nedral

Intelligent gl N>

These pinpoint exact data points within

the document

IDP organizes the extracted data and

) presents it in a readily accessible format

P roceSSI n g for routing, review, and approval within
- an ERP (Enterprise Resource Planning)

system or applicable line of business

system.
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Introducing:
Kodak Alaris Info Input

e A batch capture wrapper around the
top 5 hypervisorintelligent OCR
engines

e Allows API level integration with the

top 6 cloud engines:
o Azure Al Document Intelligence
Azure OpenAi
Google Document Al
AWS Textract
Hyperscience
ABBYYVantage
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What's the Difference Between GenAl and Document Al?

Gen Al Use Cases Document Al Use Cases Sl
e Use pre-existingLLM's like e Must build models
OpenAl, Claude, Llama, e Must continue to trainmodel
Grok based on variationsin
e Do NOT build models based documents
on knowledgebase of e Building models takes time

samplesand training data

Proprietary and confidential information. Do not distribute.



What's the Difference Between GenAl and Document Al?

qE

Gen AlUse Cases ... Document Al Use Cases Wi

e Unstructured documents e Transactional documents

e Extractingdata from e Key-value pair extraction
paragraphs of text

e Prebuiltuse case specific
. models (invoices, ID's)
e No uptraining .
. : e Supportsuptraining
e Promptengineering _ _
o Curate apromptthat works e Few shot historical

across alldocuments predictions
e Less expensive (depends

on model)

e Speedof deployment

e More expensive

Proprietary and confidential information. Do not distribute.



Prebuilt vs. Custom Models vs.

Queries

The way you consume models impacts
commercials and outcome

e Prebuilt - Small language models (SLM) for popular use

cases
o Returns a default set of extracted field names
o Cannot uptrain
o Less expensive than custom - $0.01/page vs. $0.03
o No need to train knowledgebase and build models

e Custom - customer specific use case data models
o  Multiple document types in a batch can be recognized

Full uptraining and customization including tables

Does not support pagination of tables

Access to build models - share and import

Need to build new models for each change

OO0 0 0

e Queries (LLM's)

o  Azure OpenAiand AWS Textract Queries

o Building adapters vs. autonomous

o  Great for unstructured documents where no key value pairs
exist
General prompts that can extract data across diverse
document set
Classify by asking the type of document
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Poll:

What's your perception on

the costto implement GenAl

INn your business?

Very inexpensive or expensive?

VRC




s :
e AZUre OpenAl - What Does it Cost?

What is Azure OpenAl compared to Azure Al Document

Intelligence? How much does it cost to extract 1 page?
e Azure OpenAi is the generative ai offering for
unstructured document extraction which differs from [EEEEECEEEE
Azure Al Document Intelligence in that models are not Input: (812\1,000,000 tokens x $5 =
pre-built, prompt engineering is used to structure $0.00406 )
common questions that extract the correct data. Output: (812\{1,000,000 tokens x $15 =

. . . $0.01218)
How is pricing configured? Total: $0.01624 per page
e Pricing is based on input and output “tokens”
e Atoken=~4 characters

e Assumption below is 3,248 characters per page or 812

tokens/page GPT-40 mini:
Input: (812\1,000,000 tokens x $0.15 =
How does that compare with Azure Al Document $0.00012 )
Intelligence? Output: (812\1,000,000 tokens x $0.60

=$0.00049 )
Total: $0.00061 per page

e $0.01/page vs. $0.00061/page - 93%0 difference
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AWS Textract - What Does it Cost?

AWS Textract pricing is much easier to
understand

Analyze Docwment APY First million pages In a month Over 1 miltion pages in a month

Queries Per 1,000 Pages $15.00 $10.00

Consumption model by page

e $0.015/page - up to IM/month s - —

e $0.010/page - over 1M i

tles » Formn + Que Per 1,000 Pages $2000 $500
pages/month s a% o
Layout Per 1,000 $4.00

- ‘Layout feature is inciuded free of cost with any combinution of Forms . Tables, and Queries
AWS compared to Azure OpenAi o o S A AP P G 60

e 3$0.015 vs. $0.00061/page
e 96% difference

Proprietary and confidential information. Do not distribute.
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Azure Opendl

Azure OpenAl Configuration

vitalrecordscontrol.com

Configuring Azure OpenAl Studio

B Ares N Pomdey | Rnew OpamAl Secvee ’
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Using chat to test out queries ==~
Content filter settings e
Tokens per minute settings e

How do we configure Kodak to =

Ve ot 49 Aere Opaedd Sovvice

Welcome to Azure OpenAl Service

Bapiinne One Queseative Al miniels snd €1 oft wrpoe oimmgms 40 yous Use Cates

Resource configuration . o0
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Znsarants payground Chat phoygr ound

send and receive data from | O ———

Azure OpenAi?
o Query and key-value pair extraction
at the same time
o Modifying questions and adding new
questions




AWS Textract Configuration ® ¥ ¥ ® 2>
Custom Query Adaptersvs. Textract Prompts o
e Compilingadapterswithdefined document
and data sets vs. autonomous queries
AWS Bedrock vs. AWS Textract Custom Queries = e p——
® AWS Textract Custom Queries is specialized for extracting specific - S Sy
data from documents e —
® AWS Bedrock provides a broader range of Al capabilities, making it == —
suitable for more complex natural language processing tasks. Jh ) _ =
How do we configure Kodak to send and receive =~ -
data from AWS? A -
e Query match type =
e Query prompts _ H- o — -
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Use Case #1: Financial Services

PrOfiIe Of Customer . SEOOND FRNCAL BANK < BAILEE NOTH Y ; w
Large hedge fund, financial services company Washington '
DC, mortgage division

What was the pain?
Unstructured bailee letters sent from banks and financial
institutions with borrower, loan, and wire instructions

¢ Classify and extract data and feed to LMS (loan
management)
No ability to control the document format, sequence of
documents, common field names and nhormalization of loan
servicer names

o Match extracted lender, warehouse seller, loan wire ID and
seller ID and alias with LMS

Who were we selling to?
VP of IT

Proprietary and contidential information. Do not distribute.




Use Case #1: Financial Services

The Process e .\‘l:fuxmm:u‘u\sx.u.m.uwnﬂz s

e When mortgages are sold between financial
institutions, a bailee letter is sent to the
buying bank

e New seller bailee letters are added
frequently. il

e Bailee letter formats may change within the e
same seller L

e Validated extracted datais matched to the
Loan Management System (LMS) - Azure
SQL

e Current process is manual separation, copy

md paste of Bailee Letters into LMS




Use Case #1: Financial Services

The Challenge

* Could have single or multiple borrowers ona single
bailee- Appendix table of borrower is variable

* Normalizing single and multi-borrowers

* Unstructured bailee letters, paragraph of text,
tables of borrower and loan information

* Parsing punctuation

* Maintaining cloud neural models

The Initial Solution

* Microsoft Azure Al Document Intelligence & Google _

Document Al custom models

* Kodak AlarisInfo Input batch capture “wrapper”

* Info Input Classify Designer - split on bailee first
page

* Alotof javascript logic to compare cloud OCR
engines

+ Abandoned multiple engines & Google

SECOND FRNCAL BANK < BAILEE NOTHY '

& i Google Al

Proprietary and confidential information. Do not distribute.




Use Case #1: Financial Services

The Challenge 0N ICAL BANK -BAILEX NOTICE =
*+  Gettingboth Azure and Google models to “line up” B
* Normalizing extracted seller name to LMS seller
name, and then populating seller ID and loan wire ID
* Creating a custom Ul for triaging LMS lookups

The Solution
* Microsoft Azure Al Document Intelligence custom
model accuracy was much better than Google
* Kodak AlarisInfo Input batch capture “wrapper”
* Info Input Classify Designer - split on bailee first L S r————
page - I =
* Lotsof Javascript logic to compare: e =—
+ AlternativeSellerName - create alias’
* Ability to Save and Add alias or use once
+ Based on ABA, account and seller ID
populate the WirelD
*  Verify the loan number extracted matches a
valid loan numberin LMS

L -

Proprietary and contidential information. Do not distribute.
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Use Case #2: Solar Energy

Profile of Customer
¢ Employee owned, Solar Energy service and
installation company with 1,000 employees

How Did We Get the Lead?
Previous client, recommended us to an
accounting firm that conducted and RFP

What was the pain?

¢ Managing field tech diagrams, work orders, notes
for installation of solar.

Was using Microsoft Sharepoint but had lots of
limitations

Support for offline file access

Who were we selling to?
°

VP of IT and outsourced accounting firm

PiF - Invoice Automation Proce

AP Invoice Encore Fire Protection 9 22 2023
12602643 - Cooy.pdf
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Use Case #2: Solar Energy

R e e liaat]

The Challenge

Canfiguration Delsch

e Documentlibrarylimitsin Sharepoint e | oo et
e Photouploads from the field with offline - S
access

e Integrationinto 3 ERP and CRM systems

The Solution
e Microsoft PowerPlatform - Using
PowerApps, Power Automate and Al
builder
e PowerApp Base DocumentKit ol o it o
e Albuilderintegration forinvoice models @
e Dataverse to manage all the data for Chat
Ai prompting

e Encodian Filer, Trigrand Flowr to handle the
documentmanipulation, storage, retention,
searching and workflow -







Use Case #4: Tax & Operating Statements

Profile of Customer

® Large hedge fund, publicly traded financial services
company and their Boston based property
managementcompany

What was the pain?
Receives tax documents and operating statements (balance
sheets and income statements) from each property quarterly
Documents are manually reviewed and manually entered into their
financial system, line by line

® | arge volume of tax and operating statements that
come from 8,100 properties, all differentlayouts
and formats.

Who were we selling to?

ﬁ Proprietary and confidential information. Do not distribute.



Use Case #4: Tax & Operating Statements

The Challenge

Each property operating statements are different
formats

Incoming paperwork may not have the correct
documents needed to enter into financial system
Tax documents while structured, come in as a
packet and only certain pages of the tax packet
need to be extracted

The Solution

Qualify out pages through Azure classification
model

Azure Al Document Intelligence custom models to
extract only those identified pages at $0.03/page
Azure Al custom extraction model annotating

Alias learning based on the operating statement
label

UiPath Unattended and Attended bots for data
entry

UiPath Document Understanding cost of

Project Stats
e Number of pages per year
o POC: IM pages
o PROD: 5M pages
e Number of properties
o POC:1,800
o PROD: 8,300

Use Case: Classify Out Pages
150 page documents but only 20 pages need to be extracted

e 150 pages x $0.03/page is $4.50
OR
e 150 pages x $0.003/page for classification at $0.45
® 20 pages x $0.03/page for extraction equals $0.60
RESULTS
®  76% savings with this approach
e $4.50 vs. $1.05

Proprietary and confidential information. Do not distribute.







Use Case #5: Vital Chart Gen Al QC Process

The Customer

e VRC performs medical scanning and coding Why Azure OpenAl Over AWS?

services using manual labor - Azure did a better job
identifying Dates of Servicein
The Challenge the context of NLP

e Ensure that patient charts have ONLY that
patient documents, no other patients
e Provider documentation is completely
unstructu red 1 - Important Information Regarding
e Building models would take too long and “HIGHMARK. @
require lots of PHI samples
q p \___>l:8/2023

Carepoint Health Medical Group
316 MONASTERY PL STE A

The SO I Uti On UNION CITY, NJ 07087-4464
e Query prompt engineering
RE: R t for Medicare Advantage (MA) Medical R is from January 1, 2022 to Present
e Kodak Info Input capture wrapper —_

As a Medicare Advantage (MA) Organization, Highmark is required to meet standards set by the Centers for Medicare &

1I'| I-Ir e / u re O pe nAl Medlcmd.Serwt.es (CMS) for data submission and coding accuracy. We are reviewing medical records to ensure that we
| tv) { are_meeting thesa reanirements
!
v S, -
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